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An Empirically Comparative Analysis
Between ESand VaR on China Sock Mar ket

XU Xusong, WANG Pin
(Economy and Management School of Wuhan Universty , Wuhan 430072 ,China)

Abstract : This paper empiricaly compares ES with VaR from aspectsof convexity , subadditivity and vaidity on condition of normal distribution and
non-norma stable distribution on China Stock Market , and finds: ES satidies convexity and subadditivity but VaR do not on condition of non-norma
gable digribution, and both of them satify convexity and subadditivity on condition of normd distribution; whether on condition of norma distribution
or norrnorma gtable digtribution, ESis more efective than VaR , and the problem of underestimating risk of VaR is more serious on condition of non-
norma stable distribution. Because the distribution of rate of return on China Stock Market is non-norma stable, ESis a better risk measurement than
VaR on China Stock Market.

Key wor ds :coherent risk measurement ;VaR ; ES;normd distribution;nor-norma stable distribution



