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X1 X2 X3 Xa Xs Xe X7 X8 X9 X10 X11 X12 Xi13 X14 Xi5
X1 1 ]-0538 0547 |-0679]-0054] 0.266 [-0212[ -005[ 0041 | -0 28|-0356|-0178]-0504|-0 709 -0 02
X2 1 -051[/ 0463 | 0013 |-0142) 0.169 | 0.653 | 0.383 | 0.743 | 0445 [ 0.555 [ 0543 | 0.640 | 0. 279
X3 1 -0251] -029] 0285 |-0336] -015] 0284 [ -009[-0359 -019|-0109|-0547] - 033
Xa 1 0059 [-0256[ 0198 | 0.224 [-0009] 0423 | 00628 | 0.172 | 0494 | 0.555 [ 0 018
Xs 1 -0943] 00972 | 0.026 | 0115 | - 0.16] 0.407 | 0.245 [ - 0.089f 0 112 | O 403
Xe 1 -0974] -013]|-0167] 0018 |- 0.552[ - 0.297| - 0. 072 - 0. 281| - 0. 40
X7 1 0. 152 | 0 231 0.03 | 00504 | 00281 | 0033 | 0223 [ O 406
Xs 1 0.446 | 00754 [ 00555 | 00352 | 0.277 | 0.175 | O 551
Xo 1 0574 | 0 027 0. 39 0223 [-011| -001
X10 1 0.344 [ 0.169 [ 00389 [ 0.259 | 0 137
X11 1 0. 36 0367 [ 0505 | O 437
X12 1 0.395 [ 0 403 0.23
Xi13 1 0.728 | - 0.09
X14 1 0. 141
X15 1
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3
Principa Component Factor Compl Comp2 Comp3 Comp4 Comp5 Compb6 Comp7 Comp8
Eigenval ue 5 496 2 958 2 156 1 314 0. 979 0 779 0 451 0 349
Variance Prop. Q0. 366 0. 197 Q. 144 0. 088 0. 065 0. 052 0. 030 0. 023
Cumulative Prop. Q0. 366 0. 564 Q. 707 Q0. 795 0. 860 0. 912 0. 942 0. 965
Eigenvectors
Variable Vector 1 Vector 2 Vector 3 Vector 4 Vector 5 Vector 6 Vector 7 Vector 8
X1 - 0272 0 137 0. 373 - 0.089 0. 079 - 0.329 0. 076 - 0.490
X2 0.341 - 0. 249 Q0. 096 - 0. 096 0. 210 0. 245 - 0 074 - 0. 066
X3 - 0236 - 0.070 0. 294 0 390 - 0.263 - 0.424 0 104 0. 359
Xa 0. 276 - 0 151 - 0231 0 111 - 0487 - 0138 - 0416 0. 194
Xs 0. 194 Q. 499 Q0. 039 0. 145 0. 000 0. 076 0. 078 - 0112
Xe - 0. 263 - 0. 426 - 0. 007 - 0 196 0. 103 - 0 030 - 0 074 - 0. 037
X7 0 258 0 433 0. 055 0174 - 0.074 0 154 0 093 - 0.069
Xs 0 255 - 0145 0. 415 - 0.321 - 0.102 - 0118 0. 083 - 0134
Xg 0. 122 - 0091 0. 507 0. 412 0. 042 0. 273 - 0.012 0. 155
X10 0. 236 - 0 311 Q. 310 - 0047 - 0. 290 0. 293 0. 076 - 0. 140
X1 0 335 0. 076 - 0012 - 0.133 - 0.301 - 0441 - 0.189 - 0329
X12 0 243 - 0018 0 151 0 188 0. 615 - 0.306 - 0.527 0. 071
X13 0. 248 - 0281 - 0118 0. 321 0. 108 - 0309 0. 552 - 0. 059
X14 0 314 - 0138 - 0329 0 039 0. 210 - 0115 0 327 - 0.045
X15 0 193 0 208 0191 - 0.544 0. 084 - 0179 0 215 0. 625
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on Top Managers

of Listed Banksand Its Empirical Analysis

Wen Shouxun ,Wang Renjie
(College of Economics and Business Administration ,Chongging University,

Chonggj ng 400044 ,China)

Abstract : According to the limitations of traditional performance eval uation method for top managers in bank industry ,this paper establishes
the performance eval uation model for top managersof banks with combination of principal component analysis(PCA) and support vector machine
(SVM) . Based on the application of performance eval uation index system for top managers of listed banks it standardizesinitial data and then
eliminates the redundancy and relativity among the indexes through PCA. Finaly ,it eval uates the top manager performance of China’ seight lis
ted banks by meansof SVM in the environment of MA TL AB6.5 software. The results show that this model is an effective method for perform-

ance eval uation on top managersin bank industry.
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