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Vk,k [Nc,Nu],NL and Ny are the lower and upper bounds of the numbers of clusters

V X, Xisacluster in k clusters

Yi,j

Xi and j are datain cluster X

ai = d(i,j) isthe average dissmilarity of i to al data j in cluster X

bi= min{d(i,j)},

k Y, Y#X

s = max{-bi ,ai}

'— is the slhouette of data i

sx = average(si) is the average slhouette of cluster X

sk = average(sx) isthe average slhouette width for cluster k

SC=max skis the slhouette codficient for the clustering result
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Sudy on CRM of Bank Based on Clustering Analysis

Xiao Feng,Zheng Haijian L u Chuang
(School of Economics and Business Administration ,Chongging University ,Chongging 400030 ,China)

Abstract : This paper applies the technology of dlustering data mining to the classfication of banKs customers,and analyzes the feature data of
bank transaction. Then it builds a data model ,and makes the data K-means clustering for 600 thousand pairsof samples. And it usesthe contour

coefficient to assess the clustering results,based on which ,it makes the two-dimensiona classfication for banKs customers basing on the cluste-

ring results. Fnaly ,it putsforward more effective strategies on customer relationship management of bank.
Key words: data mining;clustering analys's;bank s customer classfication; CRM
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