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Personal Credit Scoring Based on PCA and SVM

Xiao Zhi ,Li Wenjuan
(College of Economics and Business Administration ,Chongaging University ,Chongging 400030 ,China)

Abstract : This paper attemptsto build up a new personal credit scoring model based on principal component analysis(PCA) and support vector

machine(SVM). In order to present the superiority of this model in consumer credit scoring ,it a o establishes several other persona credit sco-

ring model s based on these theories such as neural networks, K-neighbor discriminate analyss and so on ,and compares the forecasting accuracy
of these model through training by a same set of data The experiment results show that the forecasting accuracy of the personal credit scoring

model based on PCA-SVM is superior.
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